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Previous research has found a link between cognitive factors and decisional strategies and outcomes (Patrick, Steele, & Spencer, 2013) . Affective factors have also been shown to influence both strategies (Isen & Means, 1983) and outcomes (Forgas, 1989; von Helversen & Mata, 2012) ; however, the research on affective factors is less established. The aim of this paper is to further the research on the influence of cognitive and affective factors on decisional outcomes and strategies. First, the link between cognition and decision-making will be established, followed by a review of the use of consumer-based decision matrices in research.
Additionally, research on affective components of decision making, as well as individual difference factors will be addressed.
A Framework for Aging, Cognition, and Decision-Making
Cognition is a multidimensional construct that incorporates activities such as thinking, perceiving, remembering, knowledge acquisition, and even understanding language (Ginsburg & Koslowski, 1976) . Two important components of cognition are executive function and reaction time. Reaction time reflects how quickly an individual is able to respond to a stimulus. Executive functioning involves an individual's ability to set goals, plan, switch attention, and adjust their behavior accordingly (Salthouse, 2009) . As people age, a decline is often noticed in some mental abilities, such as those related to executive functioning, memory, and processing speed (Hartshorne & Germine, 2015) . Processing speed is an ability that peaks in young adulthood and then begins to decline after the 20s (Hartshorne & Germine, 2015) ; however, despite some of these losses, there are ways that adults cope with some of the age-related changes in order to compensate (Salthouse, 2009 ). Engle (2018) discusses working memory and fluid intelligence in relation to individuals' ability to perform complex, real-world tasks. Research shows that higherorder cognitive processes (e.g., executive functioning) and more basic cognitive abilities (e.g., reaction time) are needed to control attentional resources in order to complete complex tasks (Engle, 2018) . Because older adults are sometimes unable to inhibit extra information (an aspect of executive functioning), they often have fewer working memory resources to devote to a task at hand (Hartshorne & Germine, 2015) . As adults age, it becomes more difficult to selectively attend to stimuli, but age-related declines are not uniform across all older adults. There are individual differences (Salthouse, 2009) . While the influence of aging will not be tested in this study, it is important to note that there is a connection between cognitive processing abilities and decision-making strategies and outcomes (for another theory on cognitive components that underlie decision-making see Reyna & Brainerd (2011) ).
Experience and other knowledge-related abilities can counteract some of the attentional declines that are characteristic of aging and may explain some of the individual differences in cognitive performance. Research on decision-making suggests that there is a role for expertise or experience in determining both strategies used and decisional outcomes (Patrick et al., 2013; Patrick & Strough, 2004; Yoon et al., 2009) . Yoon and colleagues (2009) have suggested that older adults use less information when making a decision in a task with which the adult has experience because they are able to draw on previous search strategies in order to make a decision. This experience and knowledge that helps individuals in later problem-solving tasks may compensate for some losses in other cognitive skills. Repeated exposure to similar problems may also lead to more automatic responses. This reduces the cognitive demands placed on an individual which may result in fewer decision-making strategies used by older adults. While experience does not assure that a good decision will result, research suggests that experience may help (Patrick & Strough, 2004) . Other research suggests that task complexity is minimized when adults have experience, therefore they are able to lead a more focused search during a task of decision making (Queen, Hess, Ennis, Dowd, & Gruhn, 2012) . While the literature suggests there might be some age-related changes, experience, expertise (Patrick & Strough, 2004) , and cognitive abilities (Engle, 2018) affect decision-making strategies.
Consumer Decisions
Decision making is an important task in everyday life; adults make financial decisions, health decisions (Finucane, Mertz, Slovic, & Schmidt, 2005) , and decisions as consumers, such as what car to buy (Mather, Knight, & McCaffrey, 2005; Patrick et al., 2013; Queen et al., 2012) .
There are various ways to appraise decision-making outcomes. For example, researchers may examine individuals' preferences in a decision task, such as "Which item do you prefer?" (Strough et al., 2015) . Early research on decision outcomes by Forgas (1989) examined the information participants used to select a research partner by having the participants classify the information in hypothetical personnel files as important, not important, or not useful in their decision-making process.
Von Helversen and Mata (2012) used another method, a sequential decision-making task, that asked participants to view multiple different consumer products and find the best deal for each one. For each item, participants viewed up to 40 advertisements and had to make a decision when they came across what they believed would be the best decision (cheapest option/best deal). Participants could not re-view an advertisement once they passed up the option; they had to pick the next best one. The total number of advertisements viewed was recorded for each participant.
Another way to examine decision making is through the use of consumer-based decisions. Consumer-based decisions ask individuals to make a selection of a product (e.g., a car) for themselves (Mather et al., 2005; Queen et al., 2012) or others (Patrick et al., 2013) , given a set of criteria such as lifestyle, budget, etc. That is, they take into account the person and the contextual factors involved in the decision. Consumer-based tasks also bring an element of reality to a task because they involve making decisions about everyday items that someone might purchase (e.g., a car, apartment, etc.). Thus, the objects are likely to be familiar to most individuals (e.g., most people would have purchased or rented a home or car). Additionally, the item features are reflective of reality, so an individual with more experience in a given content domain might not need to view all pieces of information available.
It is possible to evaluate the decision an individual makes in comparison to an expert group in order to survey the decision quality (Patrick et al., 2013) . Because consumer-based tasks take into account a hypothetical individual's need, individuals' selections are determined to be correct or incorrect based on whether or not they matched expert decision rankings (Patrick et al., 2013) . In the standard decision-making task, materials are developed to reflect those found outside the lab. A panel of experts from each domain (car and home industry) rank the "best choice" given the vignette. Then participants are asked to select the best choice and agreement between the experts and participants is calculated. By combining the knowledge of the expert outcome with the matrix format, each piece of information can be evaluated for whether it is relevant or important for the "best" answer (Patrick et al., 2013; Queen et al., 2012) . Relevant pieces of information are determined by experts using the information given in a vignette that describes the individual's lifestyle, budget, etc. The proportion of relevant information a participant uses is determined by how many relevant pieces are viewed out of the total number of relevant pieces as established by the experts (Patrick et al., 2013) ; if there were eight pieces of relevant information and the participant viewed four of those, their proportion would be .50.
Researchers can also calculate a correlation between the participant rated importance of an attribute dimension (e.g., safety) and the number of times cells on that attribute were opened (Queen et al., 2012) .
In addition to its increased ecological validity and ability to assess decision quality, expertly-developed materials allow the researcher to evaluate what information was used and evaluate the strategic search process involved in making a decision. Information search strategies have focused on how much information a person uses, how long they take to consider the choices, and how they combine information to make a decision (Parker, Bruine de Bruin, & Fischhoff et al., 2007; Patrick et al., 2013; Queen et al., 2012) . Building on work by Johnson (1990) , Queen and colleagues (2012) used a matrix-decision task to look at the time spent on the entire search, the average time a participant viewed a cell within the matrix, the proportion of cells opened at least one time, and the number of times a cell was opened after the first viewing.
Alternative-based searches are exhaustive; each feature is evaluated and weighed for each alternative before a decision is made (Mata, von Helversen, & Rieskamp, 2010; Patrick et al., 2013) . For example, an individual might assess every quality about each car offered before making a purchase. Simpler strategic search processes involve a feature-based comparison; this has often been referred to as a non-compensatory search strategy. Feature-based comparisons are more efficient and are less cognitively taxing in that individuals focus on just a few alternatives (e.g., car models) that they believe are high or suitable in value on a chosen feature (e.g., safety rating or fuel efficiency), rather than taking all of the information into account (Mata et al., 2010; Patrick et al., 2013) . Patrick and colleagues (2013) used a ratio of repetition to determine if participants used a non-compensatory search strategy. The ratio of repetition examines the number of times a participant opens cells within a column and row. If a participant searched a column of features to look for an alternative on one particular feature (e.g., different houses based on the feature of location), they would have a high ratio of repetition for features. This means the participant would have repeatedly opened the same column several times and the number of times that column was examined would be recorded. This is indicative of a non-compensatory search strategy (Patrick et al., 2013) . Alternatively, if a participant wants to view all information for one particular home, they would repeatedly look along the same row (viewing price, location, etc.).
This would give the participant a high ratio of repetition for alternatives, indicative of a compensatory strategy. In consumer-based decision tasks, information is presented in a matrix so that researchers can evaluate whether participants gather information moving from feature to feature (comparing different choices on a single, important feature) or from alternative to alternative (gathering all of the information for a specific alternative before moving to the next alternative; Patrick et al., 2013; Queen et al., 2012) .
Alternative-based comparisons are consistent with maximizing strategies. Individuals who rely on maximizing strategies tend to look at all of the information available before making decisions; these individuals also have been shown to have a higher need or liking for cognitively demanding tasks (Parker et al., 2007; Queen et al, 2012) . Maximizers also are more likely to question their decision choices. The notion that participants who engage in maximizing strategies question their decisions more is another possible explanation for why these individuals engage in alternative-based searches; they cannot determine what information is most important to them in a purchasing decision (Parker et al., 2007) . Satisficing is consistent with feature-based searches.
Participants who engage in satisficing do not necessarily find the "best" option or the option most consistent with their preferences in attribute dimension, but they pick an option that is "good enough" to meet the needs of the individual for whom they are making a decision (Parker et al., 2007; Queen et al., 2012) .
Decision-Making and Affective Factors
When older adults have a limited time perspective, they prefer emotion-related goals, in contrast to younger adults, who focus on knowledge gaining goals (Carstensen, Isaacowitz, & Charles, 1999) . Older adults also have a better memory for emotion-laden content rather than non-emotionally charged content. Age related decreases in cognitive resources may result in an increased dependence upon emotional strategies in decision making. For example, older adults may quickly eliminate options that they find to be negative or associated with a negative memory (Yoon et al., 2009) . In one study older adults adopted a feature-based comparison and were more likely to pay attention to positive features of cars and focus less on negative features of cars (Mather et al., 2005) . Younger adults did not display this same bias toward positive features. The results of this study highlight Carstensen's (1999) socioemotional selectivity theory which states that as adults age, they attempt to maximize social and emotional gains and minimize social and emotional losses because they realize that time is limited. This limited time perspective often results in a bias toward positive information and a focus is placed on people and events that individuals find emotionally meaningful and important (Carstensen, et al., 1999) .
Affect has also been shown to play a role in search strategy (Isen & Means, 1983; Schwarz, 2000) and outcomes (Forgas, 1989; von Helversen & Mata, 2012) . Previous research shows that positive affect specifically is related to the use of existing knowledge and a top-down processing strategy in which less attention is paid to details. Conversely, negative affect has been linked with bottom-up processing and more attention to details in a task at hand. Search strategies involving a focused search examining one feature at a time is also more common with negative affect (Schwarz, 2000) . Studies by Isen and Means (1983) and Forgas (1989) found that positive affect elicited faster decisions which is consistent with Schwarz's (2000) finding that individuals higher in positive affect use less exhaustive search processes than those higher in negative affect. Forgas (1989) used an analysis of variance to examine differences in search process between happy and sad participants. Happy participants reached a decision faster and in fewer steps than did sad participants. Isen and Means (1983) also found that those with higher positive affect were less likely to recheck older information that they had previously examined, quickly reducing the number of alternatives to search through on a consumer-based task regarding a fictional vehicle purchase.
The literature regarding affect has mainly been focused on the valence, whether the overall affective state of the participant is positive or negative. This is important when examining mood-congruent decisions where individuals are more likely to make an appraisal about a decision that is positive if they have or are induced to feel positive affect (Lerner & Keltner, 2000) . Lerner and Keltner (2000) found support for the appraisal-tendency hypothesis which states that not all emotions with a similar valence will have the same impact on judgements and decisions because they have different appraisal themes. For example, anger and fear are similar in that they are negative emotions; however, fear has components of uncertainty and external control whereas anger is generally associated with having a greater sense of certainty and internal control over situations (Lerner & Keltner, 2000) . While Lerner & Keltner tried to expand the research using more specific positive and negative affective states, other aspects of affect such as importance or meaningfulness of a decision have yet to be explored.
Individual Difference Factors and Decision-Making as a Function of Cognition and Affect
Numerous studies have examined decision-making strategies as they relate to differences among younger and older adults; however, results from these studies reveal conflicting evidence (Mata, et al., 2010; Patrick et al., 2013; Queen et al., 2012) . Some research shows that search strategies differ by age when adults analyze information. Younger adults tend to make decisions after analyzing all information on the topic at hand in order to make the best possible decision; they are more likely to use an alternative based strategy (Mata et al., 2010) . These alternativebased search strategies (also referred to as compensatory search strategies) are cognitively demanding since they require that all information made available to the consumer is processed and evaluated (Mata et al., 2010; Patrick et al., 2013) . Older adults have been observed to view fewer pieces of information and focus only on features that they deem to be important or relevant when making a decision; they are more likely to use feature-based search strategies (also referred to as non-compensatory search strategies; Mata et al., 2010) .
Von Helversen and Mata (2012) found similar results examining sequential decisionmaking with adults. Sequential decision-making requires that participants view ads for several of the same items, only differing in price. The object of the task is to not conclude the search too early or too late in order to obtain the best deal on a product (products were ranked in terms of the best possible deal through the worst possible deal). Their results showed that older adults selected offers that were ranked about two places below younger adults, and that a higher positive affect was related to decreased performance on the sequential decision-making task, less search in both age groups, and a lower threshold for accepting an offer (von Helversen & Mata, 2012 ). While the research shows that sometimes quickly narrowing down a search works against and individual, those with experience and expertise in a given area can also narrow their search options fairly quickly and make a good decision (Queen et al., 2012) .
Other studies have found minimal or no differences in decision making strategies among different age groups. Queen and colleagues (2012) used discriminant analyses to determine important participant characteristics that were associated with decision-making strategy. They found that a non-compensatory search strategy was more common among those with higher education, increased physical health and ability, and individuals who place a stronger importance on attributes. Compensatory strategies were also more common among participants who had a preference for thinking and being challenged. A strategy where all information is viewed and working memory is tested fits with those abilities and preferences. Yoon and colleagues (2009) note that age is important because many cognitive resources change as one ages; however, research is not always consistent about what constitutes old age. They also consider that it may not be age that is important, but functional ability of the individual completing the task.
There are other individual difference factors that influence cognitive ability and decision making outcomes. For example, health status decreases as individuals age and it is closely tied to cognition (Yoon et al., 2009) . As people age, there are decreases in both sensory and physiological functioning. These decreases are dependent upon other factors such as lifestyle and medical conditions (Yoon et al., 2009 ). Individual differences such as socioeconomic status (SES) and education are also important factors in decision making. A compensatory strategy has been found to be more common among adults with lower SES and those with less education (Yoon et al., 2009 ). Non-compensatory strategies consistent with satisficing have been found to be associated with higher education and those in better health (Queen et al., 2012) .
The Current Study
The current study used existing data to examine decision making processes in adults.
Previous research shows that cognitive abilities, such as reaction time and executive functioning, are important for predicting decision-making strategies and outcomes (Engle, 2018 , Patrick et al., 2013 . Research has also shown that affective components matter in decision-making processes (Carstensen et al., 1999) ; however, this area of research less well established. The aim of the current study is to add to our understanding of cognitive and affective components and their roles in decision-making strategies and outcomes.
Hypothesis One: Executive function and reaction time will account for a significant amount of variance in decision quality.
Hypothesis Two: Affective components will account for a significant amount of variance in decision-making strategies and outcomes.
Research Question One: Does affect or cognition best account for differences in strategy and quality of decision?
Method

Participants
Data for this study came from the larger ABCD study (Patrick & Gentzler) ; this health coaching study involved a pre-screen and four in-person data collection sessions. Decisionmaking data for the current study were gathered during the second and third in-person sessions and prescreen data were used for providing information on an affective component. The prescreen involved more than 1500 adults, although only 96 were invited to complete the in-person portion. Of those 96 adults, only a subset (n = 60) completed the decision tasks; 56 adults ages 18 through 72 had completed data and were included in final analyses (75 percent female). A power analysis, implemented in G Power (Faul, Erdfelder, Buchner, & Lang, 2009) suggested that N = 53 would provide sufficient power ( = .80) to detect a large to medium-sized effect (f 2 = .25) with three to four predictors in a multiple regression.
Materials Information
Matrices. An 8 x 7 matrix (Patrick et al., 2013) was used to display the alternatives (i.e., different car types or houses) and features of those alternatives (e.g., safety ratings). Matrices were based on actual products available in the environment, similar to the information found in Consumer Reports. This added to the ecological validity of the task, enabling participants to use their existing expertise. The features for cars included price, style, appearance, safety, reliability, fuel, equipment, and performance. The housing features include rent, size, locale, medical services, non-medical services, social, safety, and rules/options. Participants viewed matrices on the computer and were able to view one cell of information at a time, in any order. Participants were not allowed to write down any information, but could look back through information as many times as they wished before making a decision. Time spent on the task was recorded in milliseconds.
Vignettes.
Participants were asked to make a purchase decision for themselves and for hypothetical individuals described in a vignette. Participants engaged in two initial practice scenarios where they chose a candy bar and a suit for themselves. This helped to acquaint them with the program used for the study. After the two practice scenarios, the participants received the vignettes for either the car or home decisions domains, depending on the week. At week 1 participants were asked to make decisions about purchasing a car, and at week 2 they made decisions about purchasing a home. The vignettes and their matching matrices were always counterbalanced across participants within domain. The vignettes describe the individuals' lifestyle and financial situation, thus some the needs of these individuals were implied, while others were clearly stated. Participants viewed two vignettes for purchasing a car and two for selecting a home. Participants also engaged in a self-condition where they chose a car or home for themselves before selecting one for others in each decision domain. Thus, participants made three decisions in each domain during the study.
The two vignettes for cars focused on a hypothetical single individual and a couple. The single individual, Chris, was a college student that had commuting needs to and from school and work. The couple, Larry and Sue, were professionals that regularly entertained clients. The two vignettes for homes focused on two hypothetical older women. One of the older women, Anna, was an older adult in poor health who wished to have more community engagement. Betty was the second older adult in the home vignette. She was healthy, wished for more engagement with peers, and had a good income (Patrick et al., 2013) homes (M = 23.26, SD = 14.23) were assessed using the vignettes and matrices. Information on overall alternative-based and feature-based strategies were assessed. Alternative-based and feature-based strategies were assessed for each decision that was made by counting the number of times the row (alternatives) or column (features) was opened consecutively by a participant.
An overall domain-specific score was computed for each participant by averaging their ratio of repetition for choices A and B in each of the two domains. A high ratio of repetition for alternatives was indicative of a compensatory search, whereas a high ratio of repetition for features indicated a non-compensatory search. Strategy could not be assessed for the practice conditions because the matrices were not large enough to calculate a ratio of repetition for participants.
Quality of Decisions. The quality of decisions was assessed for both car and home decision domains. Each domain was broken down into whether or not participants made at least one good decision when completing the matrices. In scenario A for the car decision, 21.90 percent made a good decision, while in scenario B, 40.60 percent made a good decision.
Combining across scenarios for the car decision revealed that 50 percent of individuals made at least one good decision.
Scenario A for the housing domain showed that only seven percent of individuals made a good decision, and in scenario B, 55.60 percent of individuals made a good decision. Combining across scenarios in the housing domain, 62.20 percent of participants made at least one good decision.
Affective Measures
At the pre-screen, individuals were asked a series of questions, including those about a place to live and automobile purchases. Participants indicated how important the decision to purchase a car or house was (1 = not very important; 5 = very important). Participants were also asked about how emotionally meaningful the decision is to buy a car or house (1 = not very meaningful; 5 =. Very meaningful). Participants indicated how intellectually difficult it is to make a decision about purchasing a home or car (1 = not very intellectually difficult; 5 = very intellectually difficult). Finally, participants were asked how recently they had purchased a car (M = 3.41, SD = 1.39) or home (M = 3.35, SD = 1.32) for themselves (1 = "never," 2 = "within the past year," 3 = "1 to 2 years ago," 4 = "2 to 5 years ago," 5 = "more than 5 years ago").
Affective Scales. For each domain, the ratings for meaningfulness and importance were combined to form a single scale. Affective scales for Cars had a mean of 6.36 (SD = 2.22, alpha = .76). For Homes, the affective scale had a mean of 9.62 (SD = .8, alpha = .63). Thus, indicating decent internal reliability for scales containing only two items. Meaningfulness and importance were chosen for the affective component because these factors relate to Carstensen and colleagues' (1999) Socioemotional Selectivity Theory which highlights differences in maximizing social and emotional gains and minimizing these losses. For example, older individuals will spend more time with individuals with whom they have more meaningful relationships and whom they find more important to them because of the limited time perspective.
Cognitive Measures
Digit-Substitution. The digit-symbol substitution task is a measure of executive function and was administered electronically. For this test the participant used a list of nine digitsymbol pairs to list the corresponding symbol next to a list of digits in an allotted time-span. The average response rate for each participant was calculated in milliseconds (M = 1862.36, SD = 340.87) and participants repeated this task until they reached 100 percent accuracy. Participants were given a trial period with feedback to start, and then progressed to the experimental condition where no feedback was given (Mueller & Piper, 2014) .
Four Choice Reaction Time Test.
This is a test of reaction time where an individual had to detect a stimulus in one of four quadrants on a computer screen. The participant had to press a button to indicate where the stimuli is both quickly and accurately, thus measuring reaction time in milliseconds (M = 688.89, SD = 295.66) among participants (Mueller & Piper, 2014) .
Procedure
Participants completed informed written consent before beginning participation in the study. Participants then took some prescreen measures for this study, such as global cognition and personality measures. Participants were then invited to complete the in-person portion of this study that included the cognitive measures, digit-symbol substitution, a measure of executive function, and a four-choice reaction time test. Participants also made importance ratings on features of cars and houses prior to beginning the study.
The cognitive processing measures and affective measures were obtained at Baseline (Week 0), the automobile decisions were made at Week 1, and Housing decisions were made at
Week 2. Before completing the decision matrices, participants completed a guided practice decision using a 2 by 3 matrix for candy bars and a 4 by 4 matrix for a suit of clothing for a female lawyer. This was followed by the first 8 by 7 domain matrix (automobile, housing) for which a person chose an alternative for themselves. Each participant then made a decision about a purchase for two other individuals following the choice made for themselves. Vignettes were provided in order to aid the participant in making a selection for the other individuals. The vignettes and matrices are presented in Appendix A. In each vignette, the hypothetical needs and resources for each fictional person/couple were addressed. Vignettes were written so that participants all had the objective to meet the hypothetical characters' needs (Patrick et al., 2013) .
Results
Two affective scales, one for houses and one for cars, were created using the emotional meaningfulness and importance items for each respective domain. These scales were used in subsequent analyses (see materials for scale reliability). Decision quality was also assessed for each domain. Individuals were classified as a good decision-maker in each domain if they made at least one of the "good decisions" (expert determined) out of the two possible decisions.
Bivariate correlations were examined (Table 3) between the decision quality variables, the digit-symbol substitution task, the affective scales, and the alternative and feature-based strategies for each decision domain. Both Pearson's r and Spearman's ρ (rho) correlation coefficients were calculated for variables in order to appropriately assess the ordinal nature of some of the scales. Car decision quality was not significantly associated with any of the other variables. House quality was only significantly negatively associated with the car affective scale (ρ = -.43, p < .01). The affective scale for housing decisions was significantly negatively associated with using an alternative based search strategy (ρ = -.30, p < .05). Additionally, the use of an alternative-based strategy in the car domain was positively related to the use of an alternative-based strategy in the housing domain (r = .45, p < .05). Similarly, the use of a feature-based strategy in the car domain was significantly related to the use of a feature-based strategy in the housing domain (r = .45, p < .05). Correlation analyses also revealed that the average number of pieces of information used and the average total time it took participants to make a decision were not related to strategy or decision quality.
Correlations were also used to determine if the recency of making a decision about purchasing a car or home was related to decision strategy or quality. The recency of purchasing a car was not related to either strategy (feature versus alternative) or the quality of the decision.
Similarly, the recency of purchasing a home was not related to either strategy or decision quality on the decision matrix.
Correlations including demographic information and other study variables revealed that age was associated with the digit-symbol task (r = .58, p < .05). Age was also associated with the other cognitive variable, the four-choice reaction time test (r = .57, p < .05). The two cognitive variables were moderately correlated (r = .59, p < .05); however, due to the lower number of individuals that participated in the four-choice reaction time test, the cognitive variable included in subsequent regression analyses was the digit-symbol task. Additional correlations were examined between all variables measured (see Table 3 ).
Cars
Two logistic regressions, one for each decision domain, were conducted in order to best analyze the data collected and address the proposed hypotheses because of the dichotomous dependent variable. A logistic regression was conducted predicting car decision quality (see figure 1) using digit-symbol time, the affective scale for cars, and an alternative search strategy.
With all three predictors entered, the equation was not significant, x 2 (df = 3) = 3.69, p = .30. The pseudo R 2 measures were low for this analysis, Cox & Snell = .12, Nagelkerke = .16. For the car buying decision, 66.70 percent of individuals were classified correctly, with 75 percent classified as making a good decision. Examination of the coefficients did not reveal any predictors as increasing the odds for correct classification.
A mediation analysis was conducted to examine direct and indirect effects of affect on car decision quality with an alternative-based strategy as a mediator. Neither the direct nor indirect pathways were significant for this model. The model was also examined using a featurebased strategy as the mediator, and again, neither the direct nor indirect effects were significant.
Homes
A logistic regression was conducted predicting home decision quality (see figure 2) using the digit symbol time, alternative search strategy, and the affective scale for the housing domain.
With all three predictors entered in the same step, the equation was not significant, x 2 (df = 3) = 3.06, p = .38. The pseudo R 2 measures were also low, Cox & Snell = .07 and Nagelkerke = .10. Seventy percent of individuals were correctly classified as making a good decision, with 92.3 percent of the individuals making a good decision correctly classified. Although the model failed to reach significance and the beta weight for an alternative-based strategy was not significant (B = .85, Wald = .21), examination of the Odds Ratio showed that adults who relied an alternativebased strategy were more than twice as likely (OR = 2.34) to be classified as making a good decision in choosing a home in the vignettes. Additionally, those who scored higher on the affective scale (importance and meaningfulness of domain specific decisions) were 2.16 times more likely to be classified as making a good decision (B = .77, Wald = 1.91).
The relations between affect, decision strategy and decision quality for the housing domain was also assessed using a mediation model (see figure 3 ) with affect predicting decision quality through an alternative-based strategy. While the model as a whole did not produce any direct or indirect effects, there was a significant effect for affect predicting the use of an alternative-based strategy (b = -.11, p = .04). When the feature-based strategy was entered into the same model (affect predicting decision quality), the path from affect to decision strategy was also significant (b = .09, p = .03).
Discussion
The main purpose of this study was to examine the decision-making process in a wide age range of adults. While research shows that both cognitive abilities (Engle, 2018; Patrick et al., 2013) and affective factors (Carstensen et al., 1999; Isen & Means, 1983; von Helversen & Mata, 2012) are important for decision-making processes, the research on affective factors was less well established and mainly focuses solely on valence (i.e., positive emotions versus negative emotions in decision-making). Hypothesis 1 stated that a cognitive measure of executive function (digit-symbol substitution test) would account for a significant amount of variance in decision quality. This hypothesis was tested for both the car and home domains through the use of logistic regression because of the dichotomous outcome variable, decision quality. The cognitive variables in the logistic regression equations for each domain were not significant predictors that increased classification for whether or not individuals made a good quality decision, thus, hypothesis one was not supported. The findings from this study are contradictory to the literature that has found cognitive processes to be an important factor related to complex tasks (Engle, 2018) .
Hypothesis 2 stated that affective components would account for a significant amount of variance in decision-making strategies. This hypothesis was also tested using the logistic regression equation. The affective scale was not a predictor that increased the odds for correct classification in the car or home domains; however, the odds ratio in the logistic regression specific to the home domain showed that individuals who relied more heavily on an alternativebased strategy were more than twice as likely to make a good decision. Additionally, in the mediation model the indirect pathway from affect (the predictor) to alternative-based strategy (the mediator) was significant. This suggests that while hypothesis two was not supported, it does demonstrate that affect is related to an alternative-based decision-making strategy. The findings in this study are consistent with the research by von Helversen and Mata (2012) which also found that affect (positive) was predictive of search strategy, but measures of fluid cognitive abilities were not predictive of search strategy.
The research question that this study attempted to answer was, does affect or cognition best account for differences in strategy and quality of decision? Based on the logistic regressions for the home domain, as well as the mediation models, affect, but not cognition best accounts for differences in strategy and quality of decision. Again, this is consistent with some findings in the literature (von Helversen & Mata, 2012) ; however, there is also literature that suggests each variable would be important.
Given that there is some conflicting evidence regarding the importance of affect and cognitive abilities in decision-making strategies and outcomes, future studies might attempt to use a different measure of cognitive abilities to capture executive function. Future studies should also analyze the vincentized ratio of repetition for both the feature and alternative strategies. This would allow for researchers to examine changes in search strategy throughout the decision tasks.
This study was limited in that it was a small sample of adults from one geographic area, meaning that these results may not generalize to the population at large. Additionally, there was not both car and home domain information for every single participant (more data on housing domain), so that may have influenced the results. Because of the small sample size, the mediation analyses that were conducted were also low-powered. To stabilize the beta weights, 5,000 bootstrapped samples were used. Schwarz, N. (2000) . Emotion, cognition, and decision making. Cognition and Emotion, 14(4) , 433-440. Strough, J., Bruine de Bruin, W., & Peters, E. (2015) . New perspectives for motivating better decisions in older adults. Frontiers in Psychology, 6, 783-793. von Helversen, B., & Mata, R. (2012) . Losing a dime with a satisfied mind: Positive affect predicts less search in sequential decision making. Psychology and Aging, 27(4) (1), 2-16. 
* significant at p < .05 ** significant at p < .01 
* significant at p < .05 ** significant at p < .01 Betty is a 70 year old widow whose six children live out of state. She lives in the suburb of a large city where she has lived for the past 52 years. She has a good income from her husband's pension, Social Security, and her investments. She has a few close friends nearby and is well acquainted with the neighbors. She enjoys the many young families who live near her, but she wants to interact more with people her own age. Her health is very good, with only minor arthritis. In fact, she still drives her own car and does most of her own housework, although the heavy housework is becoming too much for her alone. Betty's children would like her to think about moving to a new home. 
